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Combining Character and Part-of-Speech Features for

Thai Text Grammar Error Detection

SHI Canzhen'?, ZHU Junguo'*, YU Zhengtao'*

(1. School of Information Engineering and Automation,

Kunming University of Science and Technology, Kunming, Yunnan 650500, China ;

2. Key Laboratory of Artificial Intelligence in Yunnan Province,

Kunming University of Science and Technology, Kunming, Yunnan 650500, China)

Abstract: Text grammatical error detection and correction aims to automatically identify and correct grammatical er-

rors in text. In contrast to Chinese, English and other languages, this task for Thai texts remains rule based method

due to the limited data. This paper constructs a large-scale Thai text grammatical error detection and correction cor-

pus based on artificial heuristic rules using monolingual data. Based on this corpus, this paper proposes a grammati-

cal error detection method of Thai text that integrates linguistic features. It integrates the deep semantic expression

of characters, words and parts of speech via the multilingual BERT. The results show that the proposed method im-

proves by 1.37% F, value than the baseline model that only relies on multilingual BERT.

Keywords: text grammatical error detection; Thai;corpus;feature fusion
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