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Abstract: Selecting high—quality parallel sentence pairs from comparable Internet corpora is one of the
effective means to improve the performance of low—resource machine translation. In response to this problem,
this paper proposes a cross—language text semantic matching method based on a cross interactive attention
mechanism by fusing pre—trained representations. First, it uses pre—trained language models to obtain
bilingual representations of source language and target language. Then, it realizes the spatial semantic
alignment of cross—language features based on the cross interactive attention mechanism. Finally, it realizes
the cross—language based on the semantic representation after multi—view feature fusion judgment of the
relationship of sentence pairs. Experimental results indicate that the method proposed in this paper is
superior to the existing parallel sentence pair extraction models. In addition, with the help of the extracted
parallel corpus, the performance of the machine translation model is significantly improved.
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B, BRGNS AR SCHTA

(1) EPBEAL, WHBRIE SO 552 AE LG 2,
LRI G AZ O A 3 SN 57 2 RN SCRl A J2 XS A
PERERUSZ I, ARSI T SO L i S22
J& PR AR BAE A FRAE B E AR ST Z |, 3R
FHZIE S I hiF 5 508 [ B R RIE & R A2
S ST O B X a2

(2) EAP #5. MIBRIE LAk G2, AR
A RlA i) 2 R FF 200 UE R, )R
FEAIE 1] S 0 AR B PE R 22 S P 3 SR 2 BB
REAISZI o 3 A MBS TR 5 SO 1 e il s )2
BENE XERME, IFiE— 200 US55 R T R
fE, 2 FHEZ IR OC R, e dE AR I
JEFT 2

(3) EAFP-A A1 5ARSC T AR A2,
WiV SN FF 2 B2 > SRR R 3G Parikh 28 P
D5 T —Fh T B B ML, e T R S
R BT SORBIM BRI &
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(4) EAFP-B AL S5AICIr A AR,
T SO 52 2 o) SR B O B TE T (self-
attention ) AL, JNSRESTE T SCARAS B BT LRIE,
AN R Z [ SCARZE H IR

RT7 HBMEBELHLER %
(i P R Fl1
EP 83.24 92.42 87.59
EAP 87.10 90.13 88.59
EAFP-A 93.88 95.70 94.78
EAFP-B 92.33 96.52 9438
EAFP 95.52 97.63 96.57

N 7 ISR AT LR, SCR T R TR
W, A IRRA F1AE T 00 F AR P A
WEBH T SEF T i 5 A8 KO0 ) 38 B3 78 -
RO B A 5k . o, IR TE X552
FE R A R 2 5 1 EP M T A SCRRL EAFP, A
RIS TR T 12.28%, FI{H NI T 8.98%, i
BRI KR FRERA , AR R SURIEAH 23 KT,
B DX R TS RE AR B IR 0, 156 R4S f FH R
TN ZRiE 5 AR T R 2 RFIE Y
XARCRAE, FEARBEA X AR EIE S 2Z B AiE
NESM, TEXILHATHE B RXSrRG . St
FHEG, M3 T XSSP R AR AR )E, B
RIPEREA TR F S, EAP BRHI LT EP, FI
BA TSR MEET, REE T CRE )2 Z A
FCRIE SURY Ry R m A 55 36, AT AT A [X 43
T SCRRIE AL AN 22 S, DRAIE T 45 SR e P
e, BB TR SOXE 5 2 2 ) SR S 1 EAFP-A Fll
EAFP-B M FASCER, FIAE B FRET 1.79%
1 2.19%, FRWHET W) 28 BT = AL AT LA
I S BT AP 2 I AR B, A KA
A T8 SRR R

SR UL, IR AR AR (R AR R TH &
PEFEARRIIER, XHE Sk MR LA SEh BV
XFEBRAANTT > A PR B AR SC BT Hh 9 i T
Nty YN L RE =W IR R ECID Ui} (s RrS
LN €

37 RO

AR S — AN HARIG S 53T, SR R 751 ]
(25 SRAE AR rh AR R A AR R AR AR
PRI 2 S Wl LS H R R, I - BRI IEEE
PERE Xy, IR E AR USROG, AT
2xxmif. 7, HARA)RE “Va khi ban bat cong tac |

densangléen.” o 2 BxR TEESXFF)ZHE
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