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A Method of Extracting News Element Based Gated Graph Neural Network
DANG Xueyun'?,WANG Jian'**
(1. Faculty of Information Engineering and Automation, Kunming University of Science and Technology, Kunming 650504, China;
2.Yunnan Key Laboratory of Artificial Intelligence, Kunming 650504, China)

Abstract: Information extraction of news elements refers to identifying information such as the name of person, the name of location,
and the name of organization from news texts. It is the basic content of natural language processing and plays a crucial role in intelligent
question answering, information retrieval, and knowledge graph construction. Taking the extraction of case-related element information
in the news as an example, a method based on Gated Graph Neural Network (GGNN) is proposed. By integrating it into news text, mine
the latent semantic features to improve the performance of feature information extraction. Specifically, the domain-related vocabulary
is built according to the characteristics of the news text to construct a domain dictionary, and then the char—grained combination graph
is constructed by using the news text and domain dictionary, then the GGNN model is used to encode the graph to obtain the char—
word combination relationship representation. The bidirectional Long Short Term Memory Network (Bi-LSTM) and Conditional Random
Fields (CRF) models are used to decoded the element information sequence. The experimental results on the annotated news element
information data set show that, compared with the baseline model, the F1 value of the element extraction method based on GGNN
integrated with dictionary information has improved by 2.12% ~ 5.34%, and achieved more stable performance.
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