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A Chinese-Vietnamese parallel corpus expansion
method based on back translation and proportional
extraction siamese network screening

WANG Ke-chao',GUO Jun-jun'?,ZHANG Ya-fei'* ,GAO Sheng-xiang'®, YU Zheng-tao'"’
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Abstract: As an important data enhancement method in translation, back translation has attracted
more and more researchers’ attentions. The basic idea is to first train a basic translation model based on
parallel corpus, then use the model to translate monolingual corpus into the target language, and com-
bine it into a new corpus for model training. However, in the Chinese-Vietnamese low-resource scenar-
io, the performance of the basic translation model obtained by training is poor, which results in the par-
allel corpus obtained by applying the back translation method on it contains more noise and is difficult to
use for downstream tasks. In response to this problem, a siamese network screening model based on
proportional extraction is constructed. Through training, the model can identify parallel sentence pairs
and pseudo-parallel sentence pairs, and filter and denoise the pseudo-parallel corpus obtained by back
translation in the same semantic space, thereby obtaining a better parallel corpus. The test results on
the Chinese-Vietnamese data set show that the proposed method significantly outperforms the baseline
system.,
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Figure 1  Overall framework
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Table 6 Experimental results of different

methods on different datasets
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Figure 2 Sentence pair statistics under different thresholds
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Figure 3 Relation of the proportion of parallel
sentence pairs and the BLEU4 value
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T DU R 22 HIL 2% B R R I 2 b AT TR R

Table 8 Comparison of translations
results generated by different models
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