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Aspect Terms Extraction Based on Multiple Attention Mechanisms

ZHANG Mingfang, XIANG Yan, SHAO Dangguo, XIONG Xin
(Faculty of Information Engineering and Automation, Kunming University of

Science and Technology, Kunming, Yunnan 650504, China)

Abstract; Aspect terms extraction is the task of extracting the entity attributes commented in the opinions, which is
a sub-task of aspect-based sentiment analysis. To improve the current solution base on convolutional neural networks
(CNN), this paper proposes an aspect terms extraction model based on double embedding and multiple attentions. It
better captures the long-range dependencies by a joint Nornrlocal networks, betters capture the characters in the text
by the spatial attention combined with jump connections. Experimented on the laptop dataset and the restaurant
dataset, the proposed method achieves F1 values of 83.39% and 76.26 % , respectively, better than multiple baseline
models.
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CNN-Bi-LSTM + CtrFSA: 7 CNN-Bi-LSTM
SO T S G D) | AN 9 R 1N L N Rl R E =W
5
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CNNBIRLSTM 82.47 82.72 82.59
Ctrl-SA ‘ ‘ ‘
CNNBILSTM + 82.18 83.18 82.67
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x5 EH1
@ | Exceptionally | easy | to |set|up|— | — | —
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