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Abstract: A Chinese expert page disambiguation method based on feature mapping is proposed according to the char-

acteristics of the Chinese expert page. Firstly, with the help of CRFs model, 12 predefined character attributes are

extracted from the standard and the candidate page, and their weights are decided by a ME classifier. Then, the

page similarity is calculated to decide if the candidate page attributes should be appended Experiments on NLP and

ML expert pages show the effectiveness of the proposed method in disambiguation.
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