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Extractiond Method of Vietnamese News Event Elements Based on Maximum Entropy

Zhou Feng, Miao Jiepu, Pan Qingqging, Yan Xin, Yu Zhengtao
(School of Information Engineering and Automation, Kunming University of Science and Technology, Kunming, 650500, China)

Abstract: The study on extraction of Vietnamese news event elements is rare, while Vietnam is a signifi-
cant neighboring country with political, military and economic cooperation, which is just at a distance of a
river with us. According to the Vietnamese characteristics, this paper puts forward a method of Vietnam-
ese news event element extraction based on maximum entropy model. This method selects the context,
adjacent trigger words and neighboring entities as features, delimits feature templates, trains Vietnamese
news events model and achieves the extraction of news event elements of Vietnamese on the basis of the
characteristics of the Vietnamese sentence structure and lexical semantic using the maximum entropy al-
gorithm. The experimental result of the extraction shows that the accuracy of the news event elements
extracted by the method proposed in this paper reaches more than 80%.
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Tab.4 Experimental results of different evaluation object

P R F P R F P R F

82.14  69.70  75.41 82.35 76.36  79.25 88.29 83.76  85.96
81.25 70.12  75.28 83.67 75.34 79.29 84.13 77.68  80.78
—0.89 +0.42 —0.13 +1.02 —1.02 +0.04 —4.16 —6.08 —5.18

(1]

[2]

[3]

[4]

(5]

[6]

[7]

[8]

[9]

(10]

[11]

Wang Wei. Chinese news event 5W1H semantic elements extraction for event ontology population[ C]// Proceedings of the
21st International Conference Companion on World Wide Web. JAPAN:ACM, 2012.:197-202.
Doddington G R, Mitchell A, Przybocki M A, et al. The automatic content extraction (ACE) program-tasks. data, and e-
valuation[ C]//LREC. Lisbon:ELRA/ELDA,2004 :837-840.
Walker C S, Strassel S Medero J. et al. ACE 2005 multilingual training corpus[J]. Linguistic Data Consortium, Philadel-
phia, 2006:57.
Chklovski T , Pantel P. VerbOcean: Mining the web for fine-grained semantic verb relations[ C]//Conference on empirical
methods in natural language processing. Spain: ACL,2004 :33-40.
Chieu H L, Ng H T. Named entity recognition: A maximum entropy approach using global information[ C]//Proceedings of
the 19th International Conference on Computational Linguistics-Volume 1. Association for Computational Linguistics. San
Francisco : Morgan Kaufmann Publishers, 2002 1-7.
Ahn D. The stages of event extraction[ ] ]. Proceedings of the Workshop on Annotating and Reasoning about Time and E-
vents. Sydney, Australia; ACL, 2006 1-8.
Ritter A, Oren E, Sam C. Open domain event extraction from twitter[ C]//Proceedings of the 18th ACM SIGKDD Interna-
tional Conference on Knowledge Discovery and Data Mining. Japan: ACM, 2012.:1104-1112.
Li Q. Ji H. Huang L. Joint event extraction via structured prediction with global features[ C]//Association for Computation-
al Linguistics. Bulgaria;: ACL,2013; 73-82.

. . .o (JJ. 22011,25(2) :15-20.
Ding Xiao, Song Fan, Qin Bing. et al. Research on typical event extraction method in the field of music[J]//Journal of Chi-
nese Information Processing, 2011,25(2) :15-20.

, , , (RAE ,2015,30(2) :433-434.

Liu Huaming, Bi Xuehui, Wang Wailan, et al. Segmentation of RIP Tangka based on maximum entropy and local prlority
[J]. Journal of Data Acquisition and Processing. 2015,30(2) :434-433.
Berger A L, Pietra V J D, Pietra S A D. A maximum entopy approach to natural language processing[J]. Computational
liguistics, 1996,22(1):39-71.

(1958, s (1991-), (1998-),

» E-mail; iambeichen @

163. com,

(1969-). N (1970, N

’

’

N N




