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Chinese-Vietnamese Pseudo-parallel Sentence Pair
Extraction Based on Sentence Feature Vector
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Abstract ; Extracting pseudo-parallel sentence pairs from comparable corpus is one of the important methods
for translation corpus expansion. Chinese-Vietnamese machine translation is a typical resource-poor ma-
chine translation. Increasing the scale of the Chinese-Vietnamese translation corpus can significantly im-
prove the performance of the Chinese-Vietnamese translation neural machines. This paper proposes a
method based on sentence eigenvectors for the extraction of Chinese and Vietnamese pseudo-parallel sen-
tence pairs. Firstly, according to the syntactic features of Chinese and Vietnamese, the method integrates
the part of speech of the syntactic difference between the Chinese and Vietnamese into the embedded layer.
Then use the self-attention mechanism to extract the sentence features and generate a sentence feature vec-
tor. Finally, this sentence feature vector is used to judge whether the Chinese and Vietnamese sentence
pairs are pseudo-parallel sentence pairs, and the Chinese-Vietnamese pseudo-parallel sentence pairs are ex-
tracted from the Chinese-Vietnamese comparable corpus. The experiments show that the method can effec-
tively extract the Chinese-Vietnamese pseudo-parallel sentence pairs from the Chinese-Vietnamese compa-

rable corpus.
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Table 1 Differences Between Chinese and Vietnamese Sentences Structure
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Fig. 2 Chinese-Vietnamese parallel sentence pair extraction model based on sentence feature vector
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Table 3 Experimental results of different methods
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LSTM 59. 16
LSTM+POS 60. 45
Self-attention 62. 94
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Table 4 Extracted Chinese-Vietnamese pseudo-parallel sentence pairs
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