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Automatic Short Text Summarization Based on

Part-of-Speech Soft Template Attention Mechanism
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ABSTRACT

GUO Junjun' > GAO Shengxiang'

Semantic integrity of the summary with intuitive subject-predicate-object structure is

strong in the short text summarization task. However part-ofspeech combinations impose constraints on

the structure. Aiming at this problem an automatic short text summarization method based on part-of—

speech soft template attention mechanism is proposed. Firstly text is tagged with part-of-speech tags and

the tagged part-of-speech sequence is regarded as part-of-speech soft template of the text to guide the

method to construct the structural specifications of a summary. Part-ef-speech soft template is

characterized at the encoder. Then the part-of-speech soft template attention mechanism is introduced to

enhance the attention of core part-of-speech information in text such as nouns and verbs. Finally the

part-of-speech soft template attention and traditional attention are combined to generate a summary at the

decoder. Experimental results verify the effectiveness of the proposed method on short text summarization

datasets.
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Fig.2 Attention weight visualization of part-of-speech soft template
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Table 6 Examples of generative summaries of different models on Gigaword dataset

india’s children are getting increasingly overweight and unhealthy and the government is asking
schools to ban junk food officials said thursday.

indian government asks schools to ban junk food
Re3Sum indian schools to ban junk food
seq2seq( base) india asks schools to ban food

POSTemp_Att, indian government urged to ban junk food
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