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Abstract: Part-of-speech tagging in Lao language is challenged by the lack of corpus, the complexity of word form,
the large number of low-frequency words and out-of-vocabulary(OOV) words, and the long distance dependency,
etc. This paper proposes a multi-granularity feature fusion approach via Transformer-CRF model, integrating the
features of LLao words, characters and syllables. Firstly, it integrates the feature vectors of the Laos language char-
acters and syllables based on the classical word vector. Secondly, it uses Transformer to extract the long-range con-
text information of Lao sentences. Finally, it uses CRF to extract the constraints of adjacent parts-of-speech to de-
termine the optimal tags. The experimental results show that, compared with other mainstream models, this model
achieves much better accuracy rate, recall rate and F, value, reaching 94.64% , 93.82% and 94.23% , respectively.
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