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[ Abstract] Opinion targets extraction is mainly used for text opinion mining to discover evaluation object entities in
review texts. The algorithm based on an unsupervised autoencoder can identify hidden topic information in the review
corpus without manual annotation, but the evaluation objects extracted by the autoencoder lack diversity. This paper
proposes a hybrid model of sentence-level classification tasks using supervised learning and autoencoder based on
unsupervised learning. The model trains a classifier to generate aspect categories. The Long Short-Term Memory
(LSTM) -Attention structure in the shared classification task of the encoder is encoded to obtain the sentence vector
representation to increase the semantic relevance. The obtained aspect category then transforms the sentence vector
representation into the middle layer semantic vector to capture the correlation between the aspect category and aspect
extraction and to improve the coding ability of the encoder.The model decodes the reconstruction of the sentence vector
and trains it to obtain the aspect matrix.Finally, the aspect is extracted by calculating the cosine similarity between the
aspect matrix and the words in the sentence. The experimental results for the multidomain review corpus show that
compared with k-means and Localized Linear Discriminant Analysis (LocLDA) , the evaluation index of this method
improves by 3.7% in the restaurant field and 2.1% in the hotel field.This approach somewhat solves the problem of lack

of evaluation category diversity in the training process and exhibits improved extraction ability of evaluation objects.
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Table 3 Example of the result of restaurant field opinion targets extraction
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?Hﬂﬁlﬂgﬁﬁﬁ!‘ﬁ%ﬁ%(/\” Table 5 Results of hotel field opinion targets extraction
- % T};ﬁg&;@ﬁq’ ;&/]\ i (14) e WwE | AR F1ffi
2PR k-means 0.752 0.634 0.688
Fl= (15 LocLDA 0.711 0.710 0.710
P+R
ST 450 BRI I 5T A 45 4 5 2% 4 R L o o
. W e e S L . ) _
A5 P H RO Oy fe RS R o SUAEx 0.818 0.654 0.727
R4 BTN SHERER AATC 0.800 0.713 0.754
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