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Fig. 1 Low resource cross-language summarization of Chinese-Vietnamese combined with Kp-mapping
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Tab.7 Sample summary of different models

15 nguoi ban di du lich Bac Kinh mat lién lac o Trwong Gia Khau(15

’

[l

19 9 ’

~

TETran Vio t6i ngay 2,19 nguwod ban da nhan duoc mot canh sat o huyén <<unk>>.tinh Ha Béc Kinh va 1 huong dan vien
du lich bi méc ket( 2 ., 19 s )
TLTran 15 nguwoi ban di du <<unk>> lich Béic Kinh mat lien lac o Ha Béc(15 )
NCLS] 15 nguo'i ban di du lich Béc Kinh bi méc ket o Tru 6-ng Gia Khau trong nhung ngay 6- Ha Bc. Ban co thé di du
lich Bac  ( . 15 )
C-Vcls 15 nguoi ban di du lich W lac 0- Ha Bac(15 )
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Low resource cross-language summarization of Chinese-Vietnamese
combined with keyword probability mapping

LI Xiaomeng,ZHANG Yafei* ,GUO Junjun,GAO Shengxiang, YU Zhengtao

(Faculty of Information Engineering and Automation, Kunming University of Science and Technology,

Key Laboratory of Artificial Intelligence of Yunnan Province, Kunming 650500, China)

Abstract: For cross-language summarization tasks.the scarcity of annotated Chinese-Vietramese alignment data leads to difficulties
of achieving cross-language semantic alignments. In view of this drawback, for the task of Chinese-Vietnamese cross-language
summarization,a low-resource cross-language summarization method that integrates keyword probability mapping is proposed. First,
source language keywords are used to extract important information. Second, we map source language keywords to the target
language based on the probability mapping pair. Finally, we integrate the mapped target language keywords into the abstract
generation process based on the pointer network. Experimental results on the constructed Chinese-Vietnamese cross-language
abstract data set show that, in comparison with NCLS and other methods based on sequence to sequence, incorporating keyword
probability mapping information can effectively improve the quality of low-resource cross-language abstracts.
Keywords : low-resource cross-language abstract; cross-language semantic alignment; keywords; probability mapping
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