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Topic discovery for case-related news combined with neighbor title graph

LU Tian-xu"?, YU Zheng-tao"*, HUANG Yu-xin'*"
(1. Faculty of Information Engineering and Automation, Kunming University of Science and Technology,
Kunming 650500, China; 2. Yunnan Key Laboratory of Artificial Intelligence, Kunming University of
Science and Technology, Kunming 650500, China)

Abstract: Aiming at the problem that the information of news documents of different topics in the same case in the field of public
opinion involved is relatively close, and the existing topic discovery methods cannot be well characterized and differentiated, a
method of topic discovery for case-related news combined with neighbor title graph was proposed. In the process of topic discovery,
the association relationship of the title was introduced, the neighbor title graph was constructed. the global feature of the title
was extracted through the graph convolution network, and the local feature of the document was extracted using the deep net-
work, which was added to the encoding process of the title, so as to better achieve clustering. Experimental results show that the
topic modeling with joint titles and documents can improve the accuracy index of case-related news topic discovery.
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