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Abstract: Cross-border national cultural entities are usually composed of domain words that describe national
cultural characteristics. This paper proposes a cross-border national cultural entity recognition method with word set
information obtained from domain lexicon. Firstly, a cross-border national cultural domain lexicon is constructed to
obtain the word set information. Secondly, the weight between the word set vectors is obtained through attention
mechanism, and the positional encoding is adopted. Finally. the word set information is incorporated into the feature
extraction layer to enhance the domain entity boundary information and alleviate the problem of word information
loss caused by using only character features. Experimental results show that, the F; value of the proposed method is
improved by 2.71% compared with the baseline method.
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