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Abstract : Cross-border ethnic cultural classification can be regarded as a sub-category task of domain text,but it faces the problem of
category label ambiguity. This article proposes a cross-border ethnic culture classification method based on domain knowledge map.
First, the knowledge triples in the knowledge graph are expressed as entity semantic vectors through the TransE model,and the entity
semantic vectors are combined with the word vectors in the text obtained by the BERT pre-training model to obtain an enhanced text
semantic expression, which is input into the BIGRU neural network Perform deep semantic feature extraction in the middle; then build
an attention weight matrix to assign weights to features to improve the quality of features,and finally complete the training of cross-
border ethnic cultural classification models. The experimental results show that the F1 value of the proposed method on the cross-bor-
der ethnic cultural text data set is 89.6% ,and the accuracy and recall rates are 88.2% and 90. 1% ,respectively.
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An example of the construction of a cross-border ethnic cultural knowledge map
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Fig.2 Model architecture diagram
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Table 4 Compared with the classification effect of other models

Object Number
Net_model ATT_BiGRU
Layers 2
Optimizer Adam
Max_len 150
Vocab_size 33693
Word vector 100
Num_epochs 20
Num_classes 40
Dropout_rate!'°! 0.5
Batch_size 20
Learnning_rate 0.01

LI 24 FR P(%) R(%) F1(%)
DPCNN 0.865 0.873 0.857
Attention_BiLSTM 0.859 0.864 0.852
TextCNN 0.853 0.859 0.846
Transformer 0.884 0.867 0.859
BiLSTM-CNN 0.888 0.884 0.876
FastText 0.873 0.866 0.858
Attention_BiGRU 0.857 0.869 0.863
A Tr ik 0.882 0.901 0.896
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Table 5 Influence of different word vector
modes on experimental results
i) ) P(%) R(%) F1(%)
Word2vec 0. 864 0.882 0.877
GloVe 0.871 0. 889 0. 884
BERT 0.882 0.901 0.896
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Fig.3 Influence of Num_epochs

on experimental results
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Table 6 Influence of domain segmentation

on experimental results

43177 3K P(%) R(% ) F1(%)
38 4317 0.872 0.890 0.885
T 5317 0. 882 0.901 0.896
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